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Abstract
Generative AI has entered academic writing and reviewing at scale, while several quality-control mechanisms of traditional publishing have relied, in part, on a fact that used to hold broadly: producing a respectable text takes effort. Recent evidence from top machine-learning conferences shows that manuscripts containing hallucinated references can pass several reviewers undetected. This is the editorial of Quantum Economics Notes (QEN), a research series. We argue that, in the age of AI, the value of research publishing lies in five things that remain relatively scarce: original evidence, verified claims, transparent sources, accountable judgement and a durable research record. Detection and prohibition can only answer “who wrote it”, and replacing papers with code repositories cannot substitute for verifying claims. QEN therefore reallocates the roles in publishing: authors work with AI on research and writing and are responsible for all content; the QENAI Agent verifies each submission claim by claim and issues a verification report, while the editor decides on acceptance; after publication, readers may challenge an article publicly by submitting a comment. This is an institutional experiment that has not been shown to outperform traditional peer review, and QEN does not describe its articles as peer reviewed. The appendix sets out the full submission guidelines; authors can give this editorial to their own AI to check a manuscript before submission.
Key Claims
1. Recent evidence from top machine-learning conferences shows that AI is already widely used in peer review, and that manuscripts containing hallucinated references can pass several reviewers undetected.
1. The design thesis of this editorial is that, in the age of AI, the bottleneck in academic publishing is shifting from producing text to verifying claims. Governance centred on identifying authorship can answer only “who wrote it”, not “does it hold”.
1. Executable code is valuable evidence but cannot replace the verification of claims: code that runs does not guarantee reproducible results, and reproducible results do not guarantee valid inferences.
1. QEN reallocates the roles in publishing: authors and AI collaborate on research and writing; review no longer depends on external referees, as the QENAI Agent verifies each submission claim by claim and issues a verification report, while the editor decides on acceptance; after publication, readers may challenge an article publicly by submitting a comment. QEN encourages the use of AI, but authors are responsible for all content.
1. QEN’s model is a deliberate institutional experiment, not a scheme proven superior to traditional peer review: it assigns systematic verification to the QENAI Agent and judgement to the editor, removes the wait for external referees, and sets a service objective of no more than four weeks of editorial processing time. Public comments keep the research record open to scrutiny after publication. The model cannot replace the scholarly community’s judgement of novelty and importance, and QEN does not describe its articles as peer reviewed.
1 Introduction: when text is no longer scarce
This editorial proposes the following analytical framework. Several mechanisms of traditional academic publishing have relied, at least in part, on a fact that used to hold broadly: writing a well-structured, coherent and properly referenced text takes considerable time and understanding, so the existence of such a text could serve as a rough signal that the author had actually done the research. Initial screening in peer review and evaluation centred on publication counts have both relied on this signal to varying degrees.
Large language models have weakened this signal, at the writing and the reviewing end at the same time. On the writing side, Sakana AI’s AI Scientist-v2 generated three entirely AI-written manuscripts and submitted them to a workshop at ICLR 2025, where one of them passed review; this was workshop-level review, and the paper was withdrawn before publication, as agreed in advance with the organizers[1]. On the reviewing side, Liang et al. estimate that 6.5–16.9% of review text at four conferences, including ICLR 2024 and NeurIPS 2023, was substantially modified by LLMs[2]; at ICLR 2026, a detection model from the AI-text detection company Pangram Labs classified about 21% of roughly 75,800 reviews as fully AI-generated and found signs of AI involvement in more than half[3]. Both sets of figures are estimates produced by detection models or statistical methods rather than item-by-item human judgements, and they are measured differently, but they point in the same direction.
More importantly, the errors were not caught. GPTZero examined 300 ICLR 2026 submissions: its tool first flagged 90 as containing references that could not be verified online, and manual checks then confirmed that 50 of them contained at least one hallucinated reference. All of these manuscripts had already been assessed by three to five reviewers, and some had average scores as high as 8[4]. Among the 4,841 papers accepted at NeurIPS 2025, GPTZero confirmed a further 100 hallucinated references across 51 to 53 papers (the report’s main text and appendix table differ)[5,6]. Both investigations were carried out by vendors of detection tools, and neither sample is a random draw across disciplines; they do not show that peer review as a whole is unreliable, but they do show that serious errors can pass several reviewers. All of this evidence comes from machine-learning conferences, whose scale and mode of review differ greatly from those of economics journals, so whether it generalizes to other disciplines remains to be tested. There is related evidence from economics: Buchanan et al. found that more than 30% of the economics references produced by GPT-3.5 did not exist, with GPT-4 only slightly better[7]; that study, however, concerns writing rather than reviewing.
In a public lecture at the 2026 International Congress of Mathematicians, Terence Tao anticipated that, if his working hypothesis holds, mathematics will move from “proof scarcity” to “proof abundance”: journals, priority conventions, hiring and promotion criteria, prizes and other institutions were designed under the assumption of scarcity and may behave poorly under abundance[8]. This editorial takes the view that the same holds for academic publishing more broadly: we are moving from text scarcity to text abundance.
QEN is a research series founded on 18 January 2026; publication in QEN is formal publication, not a working paper. This editorial serves two purposes. The main text addresses three questions: under text abundance, what remains relatively scarce in research publishing (Section 2); why two common responses fall short (Section 3); and what QEN does, what it solves and what it does not yet solve (Sections 4–7). The editorial explains the design rationale and does not report how QEN has performed. Appendix A contains QEN’s submission guidelines, written as technical documentation. Authors can give the full text of this editorial to their own AI and ask it to check a manuscript against it, item by item, before submission.
2 Shifting scarcity: what remains relatively scarce
If text is no longer scarce, the value of research publishing must lie elsewhere. The framework proposed here is that generative AI has also lowered the cost of the following five things, but far less than the cost of text, so they remain relatively scarce:
1. Original evidence: new data, new measurements, new experiments or new derivations. AI can already produce new derivations and analyses, but these need verification just as human ones do; new observations about the world still depend on real data collection.
1. Verified claims: whether a statement is supported by evidence, and to what extent.
1. Transparent sources: whether readers can trace every number and every reference to a primary source at reasonable cost. The cases in Section 1 show that, even after several reviewers, checking whether references are genuine can be missed.
1. Accountable judgement: who reached which conclusions, and, when something is wrong, who is responsible and how it is corrected.
1. A durable research record: whether an article’s content, revision history and corrections can be cited stably over the long term after publication.
None of these depends on how well the text is written; they depend on whether the chains of evidence and responsibility behind the text are complete and open to inspection. In other words, what research publishing must protect in the age of AI is not the process of “humans writing by hand”, but the outcome that “claims can be tested and responsibility can be assigned”.
3 Two common responses and their limits
3.1 Detection and prohibition: answering “who wrote it”, not “does it hold”
The first response is to identify and penalize AI-generated content. This faces two difficulties. The first is reliability: Liang et al. tested seven widely used GPT detectors on TOEFL essays written by non-native English speakers and found that more than half were misclassified as AI-generated, while simple prompting strategies easily evaded detection[9]. Using detection results as grounds for sanctions would systematically harm particular groups of authors.
The second is more fundamental: detection asks whether a passage was written by a machine, whereas academic quality asks whether a claim holds. ICLR 2026’s policy already reflects this distinction: it permits the use of LLMs but requires disclosure, makes authors and reviewers ultimately responsible for their contributions, and treats false or misleading claims, fabricated data and hallucinated references as the core violations[10,11]. The conference’s retrospective also acknowledged that, with more than 75,000 reviews, human judgement alone could not identify problems consistently, and that enforcement relied mainly on automatically flagging suspected AI-generated reviews and searching for references to non-existent works. The same retrospective, however, reports that the automated reference checker had a substantial false-positive rate, so each flagged paper was checked manually by area chairs and then programme chairs, involving at least three people, with a channel for appeal[12]. The case shows two things: machines can efficiently flag suspicious references, but people still have to adjudicate what is flagged; and what is truly enforceable, and truly important, to check is references and claims, not authorship.
3.2 Replacing papers with code repositories: no substitute for verifying claims
The second response is to replace the PDF with “code that runs”. This captures the value of executable evidence but conflates three levels: code that runs is not guaranteed to reproduce the reported results, and reproducible results do not guarantee that the inferences drawn from them hold. Trisovic et al. re-executed more than 9,000 R files from over 2,000 replication packages on the Harvard Dataverse (published 2010–2020, mostly in the social sciences): 74% failed on the first run, and 56% still failed after automated code cleaning; the authors explicitly treat re-executability as a necessary but not sufficient condition for reproducibility[13].
Moreover, code, like text, can be generated cheaply; and in mathematics, theoretical economics and much qualitative research, the contribution itself does not take executable form. Tao’s suggested rule of thumb is that if authors cannot give a clear, correct and properly attributed expert-level talk on their results, the results should not be published, even if they have been formally verified[8]. Executable code should serve as evidence supporting claims, not as a replacement for them.
4 QEN’s position and design
4.1 Welcoming AI, with full author responsibility
Major publication-ethics bodies and the mathematical community have reached consensus on two points: AI tools cannot be authors, because they cannot take responsibility for the work; and the use of AI must be disclosed truthfully[14,15]. The Leiden Declaration on Artificial Intelligence and Mathematics, released in June 2026 and endorsed by the International Mathematical Union, makes 23 recommendations, including disclosure of tool use and the principle that credit and responsibility belong to humans[8,16]. Nature subsequently published an editorial fully endorsing the declaration’s process and conclusions; the same editorial also relayed the declaration’s position that mathematical results should continue to be published in peer-reviewed venues and that human judgement should be protected when AI is used[17]. On whether to use peer review, QEN makes a different choice, for the reasons given in Section 4.2.
QEN accepts these two principles and goes a step further: QEN does not discriminate against, and indeed encourages, the use of AI tools. Authors may use AI for searching, analysis, programming, drafting and self-checking, and QEN does not use AI-text detection results as grounds for acceptance or rejection. QEN asks for only two things: that authors disclose their use of AI truthfully in the Author Statement, and that they take responsibility for all of the article’s content, including any AI-generated parts. Tao notes that the scenario to be avoided at all costs is one in which authors use AI tools covertly and conceal this to avoid criticism from their peers[8]. By encouraging use and judging only the results, QEN aims to reduce the incentive to conceal.
4.2 Reallocating roles: QEN takes on review
Traditional peer review relies on the volunteer labour of external referees, and finding willing referees is itself becoming harder: Publons’ survey of reviewers worldwide found that the number of invitations editors had to send per completed review rose from 1.9 in 2013 to 2.4 in 2017[18]. In emerging interdisciplinary fields the situation may be much worse: as a journal editor, the author has often had to send between 30 and more than 100 invitations to secure two or three referees (personal experience, not systematically recorded). Meanwhile, the evidence in Section 1 shows that referees themselves increasingly use AI in reviewing[2,3].
It should be stressed that these two points do not imply that “AI can replace referees”. That referees use AI shows only that AI has entered the review process; it does not show that AI on its own can detect methodological errors, still less that it can replace the judgement of domain experts. There is evidence that AI can assist review: Liang et al. found that the overlap between GPT-4’s comments and those of human referees was comparable to the overlap between two human referees[19]; and in a randomized study covering more than 40,000 reviews at ICLR 2025, Thakkar et al. found that 27% of referees who received AI feedback updated their reviews accordingly[20]. These studies, however, evaluate AI assisting human referees, not AI reviewing on its own, and Liang et al. themselves caution against using AI comments in place of expert review. Existing research also gives clear warnings: comparing human and AI reviews at ICLR 2026, Baumann et al. found that AI reviews are more homogeneous both within and across papers, and that merely having an LLM rewrite a paper’s style raises AI review scores; they therefore argue that today’s AI systems should not write reviews, or automate judgements that affect acceptance decisions, without rigorous prior evaluation[21]. Tao likewise holds that AI evaluation tools can serve as useful filters that conserve scarce expert attention, but that passing an automated filter is no substitute for acceptance by the community, and he does not believe that human referees can be removed from the publication process[8].
QEN takes these criticisms seriously but deliberately tries a different institutional design, with three safeguards. First, the QENAI Agent only verifies: it checks references, numbers, and the match between claims and evidence item by item, flags methodological concerns, and issues a verification report with a must-fix list; it gives no scores and makes no recommendation to accept or reject. Manipulation aimed at AI scores, such as rewriting a paper’s style to raise them, therefore does not translate directly into acceptance decisions, while blind spots arising from homogeneous AI judgements are offset by the editor’s judgement and by post-publication comments. Second, the editor decides on acceptance and judges whether the methods hold and whether the work is novel and important. Third, QEN does not describe its articles as peer reviewed: under the definition widely used in publication ethics, peer review means obtaining advice from experts in the field who are not part of the editorial team[22]. QEN’s process does not meet this definition, so the accurate description of a QEN article is “AI-verified and editor-approved”. On this basis, QEN reallocates the roles in publishing (Table 1).
	Role
	Traditional journals
	QEN

	Authors
	Humans
	Humans and AI collaborate on research and writing; authors are responsible for all content

	Review
	External peer experts, volunteer and anonymous; finding referees takes time; references and numbers are usually not checked item by item as a matter of routine
	The QENAI Agent verifies claims, references and numbers item by item and issues a verification report; no scores, no acceptance recommendation

	Editor
	Selects manuscripts, organizes review, decides
	Judges whether the methods hold, whether the manuscript fits and how well it has been revised; decides on acceptance; handles post-publication comments; maintains versions

	Readers
	Can usually respond only by submitting a separate article, which is published apart from the original after a long delay and is easily missed by its readers
	Challenges are published as comments numbered under the original article and linked from its page; comments follow the same fast process; the original authors may respond with a new version or a comment


Table 1 Division of roles in traditional journals and in QEN.
Review is divided into three layers: machine-verifiable integrity—references, metadata, numbers, recomputation from code, and the correspondence between claims and sources—is assigned to the QENAI Agent; the evaluation of methods and inference—identification strategies, model assumptions, alternative explanations—is flagged by the QENAI Agent and judged by the editor; novelty, importance, fit with QEN’s scope and the adequacy of the authors’ revisions are judged entirely by the editor.
4.3 Key Claims
Another element of QEN’s design is that each article lists 3–5 Key Claims separately, as the core conclusions for which the article is accountable. Key Claims may be the authors’ original findings or synthesized judgements on existing evidence; each must be supported in the main text, and this is exactly what the QENAI Agent checks, claim by claim.
5 Process and format
Figure 1 shows the standard process for QEN manuscripts. Manuscripts written by the editorial office follow the same process as external submissions; detailed requirements are given in Appendix A.
[image: ]
Figure 1 QEN’s standard process. Dashed line: manuscripts requiring revision are re-verified after revision.
1. Submission (author). Send a Word file to contact@quantecon.ai, ideally after a self-check by your own AI against Appendix A.
1. Editorial screening (editor). Manuscripts outside the scope, or lacking significant new evidence or new judgement, are returned directly; QEN does not accept incremental contributions.
1. AI verification (QENAI Agent). The agent verifies references, numbers and Key Claims item by item against the checklist in Appendix A and issues a verification report; it gives no scores and makes no acceptance recommendation.
1. Response and revision (author). Authors respond to each comment and revise the manuscript.
1. Editorial decision (editor). Taking into account the verification report and the authors’ response, the editor decides to accept, to request revision and re-verification, or to reject.
1. Publication (editorial office). A QEN number is assigned, v1.0 is published, and that version is archived on Zenodo.
1. Comments and updates (readers and authors). Readers may challenge a published article publicly by submitting a comment; authors may publish a new version, which must cite the previous version and explain what has changed and why. Every version is archived on Zenodo.
QEN’s service objective is an editorial processing time of no more than four weeks, excluding the time authors spend on revisions; this is an objective, not a track record. One hard rule applies throughout: references that cannot be verified must be removed.
Numbering and article types. QEN has only three article types: Research Notes, Comments and Editorials. Research Notes are numbered “QEN + year + two-digit sequence”, for example QEN202601; Comments add C and a sequence number to the number of the article commented on, for example QEN202601C1, QEN202601C2; Editorials use the number 00: this editorial is QEN202600, and subsequent editorials are QEN202600A, QEN202600B and so on.
Page structure. Each article contains, in order: title, authors and ORCID iDs, standard citation, abstract, Key Claims, main text, references, Author Statement, Editor Statement and version history. The Editor Statement gives the publication date and the model and number of verification rounds of the QENAI Agent. The website shows the latest version by default, and every version is archived on Zenodo with its own DOI.
6 Pain points of traditional publishing and QEN’s responses
Table 2 lists the pain points of traditional publishing that QEN addresses. The column “QEN’s response” describes mechanism design; its effects will have to be tested as QEN operates.
	Pain point
	Evidence
	QEN’s response

	Long publication cycles
	A study published in 2013, covering 135 journals and 2,700 papers, found that business and economics averaged about 18 months from submission to publication, twice as long as chemistry (about 9 months)[23]; finding referees itself takes ever longer[18]
	QEN conducts review in-house, without searching for external referees; editorial processing time target of no more than four weeks; articles can be updated by version after publication

	Scarce, unpaid reviewing labour
	Reviewers worldwide are estimated to have spent more than 100 million hours on peer review in 2020[24]
	Systematic verification is assigned to the QENAI Agent; human time is concentrated on editorial judgement

	Review usually lacks routine item-by-item checks of references and numbers
	Manuscripts with hallucinated references passed three to five reviewers undetected[4,5]
	The QENAI Agent checks the metadata and content of every reference, and every number, against a checklist

	Hard to correct after publication
	Post-publication changes usually require separate errata or retraction notices
	Authors may publish a new version, which must cite the previous version and explain in detail, in the Author Statement and the version history, what has changed and why; every version is archived on Zenodo

	AI use concealed or misjudged
	AI-text detectors systematically misclassify non-native English writers[9]; fear of criticism leads authors to conceal AI use[8]
	No discrimination against AI, and active encouragement; detection results are not grounds for acceptance; only truthful disclosure and responsibility are required

	Paywalls and publication charges
	—
	Open access; no submission or publication fees. The editorial team currently works unpaid; if the editorial workload grows substantially, these arrangements will be reviewed, but published articles will never be charged, and version maintenance remains free for as long as QEN exists


Table 2 Pain points of traditional publishing and QEN’s responses.
6.1 Comments
Post-publication scrutiny is carried out by readers. The “open challenge” in the title refers to this mechanism: any reader may challenge a published article publicly by submitting a comment, numbered by adding C and a sequence number to the number of the original article, for example QEN202601C1. Compared with responding through a separate article, as in traditional journals, there are three differences: comments are numbered under the original article and linked from its page, so that anyone reading the article also sees the challenges to it; comments follow the same fast process as Research Notes, without waiting for external referees; and the original authors may respond by publishing a new version or by submitting a comment of their own. QEN has no procedure for item-by-item corrections: a substantial challenge should be written up as a comment, not sent as scattered fault-finding.
7 Unresolved and new problems
QEN’s model is not without costs. Some of the following problems remain unsolved; others are created by the model itself.
1. Limits of AI verification. The QENAI Agent is designed to verify what machines can check, and even its accuracy at that has not yet been systematically tested; whether the methods hold and whether the work is new and important depend on the editor’s judgement and on the reputation QEN builds over time. The QENAI Agent gives no scores, but its must-fix list may still sway the editor’s judgement, so the editor must confirm each item.
1. Correlated errors from similar models. The AI used by authors and the QENAI Agent may be based on similar models and make the same mistakes. The QENAI Agent runs on locally deployed open-weight large language models, whose models and versions are updated over time; QEN records the model and version used for each article in its Editor Statement and relies on public comments as a complement, but this risk cannot be eliminated.
1. Closed review. QEN does not publish verification reports or authors’ responses; readers see only the final article, the Editor Statement and the version history. The credibility of review therefore rests mainly on the verification items listed in Appendix A and on public comments.
1. Security risks of AI review. Studies show that prompt injections hidden in papers can substantially inflate the assessments of AI reviewers, and that simple defences can be circumvented by targeted attacks[25,26,27]. QEN treats every manuscript as untrusted input, detects hidden text and runs code only in isolated environments, and the QENAI Agent gives no scores or acceptance recommendations, but such attacks cannot be ruled out entirely.
1. Academic recognition. QEN does not describe its articles as peer reviewed and cannot substitute for peer-reviewed journals in current systems of promotion and academic evaluation; nor does it currently meet the inclusion criteria of the Directory of Open Access Journals (DOAJ), which require, for example, at least two independent reviewers per article[28]. Publication in QEN is formal publication, and the same content may not be submitted to another journal, so authors must choose between QEN’s speed and transparency and the academic recognition of traditional journals. What QEN offers is a service objective of no more than four weeks of editorial processing time, a DOI for every version, open access, and free version maintenance for as long as QEN exists.
1. Speed may encourage volume. Faster publication may tempt authors to publish more, reproducing the “text abundance” this editorial criticizes. QEN does not aim for publication volume: editorial screening returns manuscripts without significant new evidence or judgement, and QEN does not accept incremental contributions.
1. Loss of writing as training. When humans and AI write together, humans retain topic selection, the framing of claims and the response to review—the stages where judgement is most concentrated—but the value of writing by hand as training for thinking is genuinely reduced. Tao likewise argues that in areas such as education and the training of young mathematicians, the use of AI tools should be restricted quite tightly[8]. QEN is a channel for publishing research records, not a training channel.
8 Conclusion
Generative AI has made text extremely cheap, and has also made evidence, verification, sources, accountability and records somewhat easier to produce, but far less so than text. QEN uses AI for verification precisely to narrow this gap. Academic norms have converged on the principles that AI cannot be an author, that its use must be disclosed and that responsibility lies with the authors; what is missing is a routine mechanism that puts this consensus into practice for every article and every claim. QEN is a small-scale institutional experiment: it encourages authors to do research with AI, assigns systematic verification to the QENAI Agent and judgement to the editor, and opens post-publication scrutiny to all readers. Its value lies not in producing more text, but in publishing, faster, research records that can be checked, cited, updated and held to account; whether the model works will be judged by its track record.
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Appendix A QEN submission guidelines
This appendix is intended for authors, editors and AI. Authors can give the full text of this editorial to their own AI and check a manuscript against this appendix before submission; a suggested prompt is given in the final section.
A1 Scope, article types and numbering
1. Scope: quantum computing and finance; AI agents and markets; blockchain and decentralized finance; and related topics.
1. Research Note: significant original evidence, or a systematic synthesis of existing evidence; incremental contributions are not accepted. 3–5 Key Claims. Numbered, for example, QEN202601.
1. Comment: a challenge to, different interpretation of, or additional evidence on a published QEN article; both readers and the original authors may submit comments. 1–3 Key Claims. Numbered by adding C and a sequence number to the number of the article commented on, for example QEN202601C1, QEN202601C2, in order of publication.
1. Editorial: written by the editorial office; not open to submissions. Numbered QEN202600, QEN202600A, QEN202600B and so on.
A2 Submission and fees
1. Submission email: contact@quantecon.ai.
1. File format: Word (.docx). Figures should also be supplied as original files (PNG or SVG), together with the data used to draw them.
1. Language of publication: English.
1. Length: no more than 3,000 words of main text for Research Notes and Comments, excluding references, figures, tables and the Author Statement. Editorials are exempt.
1. Submissions must be original research that has not been published and is not under consideration by another journal; manuscripts already posted as preprints may be submitted.
1. Publication in QEN is formal publication; the same or substantially the same content may not be submitted to another journal.
1. By submitting, authors agree that their manuscript will be processed by the QENAI Agent in accordance with this appendix.
1. There are no submission or publication fees; all articles are open access and published under CC BY 4.0. Authors retain copyright and grant QEN the right to publish the article and maintain its versions.
1. The editorial team currently works unpaid, and QEN’s operating costs are borne by Quantum Economics AI Lab. If the editorial workload grows substantially, QEN will review these arrangements; published articles will never be charged, and version maintenance remains free for as long as QEN exists.
A3 Manuscript requirements
Authors provide, in order: title; authors’ names and affiliations, with the corresponding author’s ORCID iD; abstract (no more than 250 words); Key Claims; main text; references; and Author Statement.
1. Key Claims: 3–5 for Research Notes and 1–3 for Comments. Each claim consists of one to three complete sentences, must be supported in the main text and must be worded no more strongly than the evidence allows.
1. References: every reference must carry a resolvable identifier (a DOI, an arXiv identifier or an official URL), and primary sources are preferred. Every number in the text must be traceable to a specific source or reproducible; where sources disagree, this must be stated. References that cannot be verified must be removed. Preprints must be identified as such and may not be presented as formally published.
1. Data and code: computational studies must provide versioned archive links to data and code, for example a Zenodo record or a GitHub release; where data cannot be made public, the reason and the means of access must be stated.
1. Author Statement: states AI use (what work AI performed and which models or tools were used), acknowledgements, funding, conflicts of interest, data availability, code availability, data privacy and licence (CC BY 4.0); write “Not applicable” or “None” where appropriate. An updated version must also identify the previous version it replaces and explain what has changed and why.
A4 AI policy and QENAI Agent verification
1. QEN does not restrict, and indeed encourages, the use of AI tools. Authors are responsible for all content, including AI-generated parts; AI cannot be an author.
1. QEN does not use AI-text detection results as grounds for acceptance or rejection. Manuscripts that conceal significant AI use or fabricate data or references will not be accepted; published articles will be retracted.
The QENAI Agent is based on open-weight large language models deployed locally and trained by QEN; models and versions are updated over time. The agent only verifies: it issues a verification report and a must-fix list, each comment stating its location, the problem, its severity (must fix / should fix / for information) and its basis; it gives no scores and makes no recommendation to accept or reject. The checklist is as follows:
1. References: whether the metadata match the actual source, and whether the cited source supports the statement attributed to it.
1. Numbers: whether they match the source or can be recomputed.
1. Key Claims and inference: whether each claim is supported in the main text and worded no more strongly than the evidence, and whether correlation and causation, and sample and population, are distinguished.
1. Omissions and originality: whether obvious counter-evidence or alternative explanations are missing, and whether the manuscript substantially duplicates published work, including the authors’ own.
1. Methods and ethics: obvious methodological concerns (judged by the editor); whether human subjects, personal data or dual-use risks are involved.
1. Security: whether the manuscript contains hidden text or instructions attempting to influence the review, including text in images, tables, references and code comments.
1. Completeness: whether the manuscript structure and the Author Statement are complete.
Verification rules: only clean manuscripts, with all tracked changes accepted, are verified; references are checked by resolving their identifiers and retrieving the sources, not from model memory; every manuscript is treated as untrusted input, and supplied code is run only in an isolated environment; each must-fix item is confirmed by the editor before it is passed on to the authors, and where the QENAI Agent’s view differs from the editor’s judgement, the editor decides. Manuscripts are not sent to third-party AI services, and when references are checked online only reference information is sent; manuscripts are not used to train the QENAI Agent without the authors’ explicit consent.
A5 Editorial decisions and comments
1. Whether the methods hold, whether the manuscript fits, and its novelty and importance are judged by the editor, not decided by the QENAI Agent. Manuscripts with unresolved must-fix items confirmed by the editor will not be accepted.
1. There are four editorial decisions: accept; revise and re-verify; reject; desk reject.
1. Verification reports and authors’ responses are not published. Service objective: an editorial processing time of no more than four weeks, excluding the time authors spend on revisions.
1. Challenges are submitted as comments and follow the same process as Research Notes; QEN has no procedure for item-by-item corrections. The original authors may respond by publishing a new version or by submitting a comment. Comments containing personal attacks or unrelated to the scholarly content will not be considered.
A6 Versions and retraction
1. Authors may update published articles. A new version must cite the previous version (with its DOI) and explain in detail, in the Author Statement and the version history, what has changed and why. Every version is archived on Zenodo with its own DOI, and the website shows the latest version by default.
1. An article is retracted when its conclusions are fundamentally overturned, or in cases of serious problems such as fabricated data, fabricated references or concealment of significant AI use. The page is kept, with the reason for retraction stated, and the number is not reassigned.
A7 Disclaimer
1. No professional advice: content published by QEN is for academic research and discussion only and does not constitute investment, financial, legal, tax or any other professional advice. Readers act on it at their own risk.
1. Content provided as is: QEN makes no express or implied warranty as to the accuracy, completeness, timeliness or fitness for a particular purpose of published content. Neither QENAI Agent verification nor editorial decisions guarantee that content is free of error.
1. Nature of review: QEN articles are verified by the QENAI Agent and approved by an editor, but are not peer reviewed.
1. Views: articles express the views of their authors only, not those of QEN, its editorial office or Quantum Economics AI Lab.
1. Service interruption and data loss: QEN does not guarantee that the website will remain available. QEN accepts no liability for the loss, corruption or alteration of, or inability to access, content caused by server failures, cyberattacks, hacking, third-party service outages, force majeure or other causes beyond QEN’s control. Authors should keep their own copies of their submissions and published articles.
1. External links: external links and third-party content in articles are not under QEN’s control; QEN is not responsible for their content, availability or security.
1. Copyright and infringement: authors warrant that their submissions are original or that they have obtained the necessary permissions for any third-party material used, and that their submissions do not infringe the rights of any third party; authors bear any liability arising from a breach of this warranty. Anyone who believes that content published by QEN infringes their rights may send a notice to contact@quantecon.ai, and QEN will take appropriate action after verification.
1. Limitation of liability: to the fullest extent permitted by applicable law, QEN, its editorial office and Quantum Economics AI Lab (Quantum Economics GmbH) accept no liability for any direct, indirect, incidental or consequential loss arising from the use of, or inability to use, QEN content. Liability that cannot be excluded by law, including liability for intent or gross negligence, is not affected.
1. Governing law and jurisdiction: this disclaimer is governed by Swiss law; the competent courts of Zürich have jurisdiction over any disputes.
A8 Instructions for AI
Authors can give the full text of this editorial to their own AI for pre-submission self-checks. A suggested prompt, which can be copied directly, is:
Review the following manuscript against QEN202600 (the Quantum Economics Notes editorial and its Appendix A, the submission guidelines). Check whether the manuscript structure is complete, whether the Key Claims meet the requirements, whether every reference and every number can be verified, and whether the Author Statement is complete, and go through the verification checklist in Appendix A item by item. When verifying references, actually open each source; if a source cannot be opened or verified, say so plainly and do not guess. For each comment, state its location, the type of problem, its severity (must fix / should fix / for information) and its basis. Begin the report with “Basis: QEN202600”. Check only claims, evidence and format; do not comment on writing style. Finish by listing all must-fix items.
Manuscripts self-checked under these guidelines may state “Self-checked against QEN202600 before submission” under “AI use” in the Author Statement.
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